0.55T PROSTATE DIFFUSION-WEIGHTED IMAGING USING MULTI-SHOT EPI AND SELF-SUPERVISED LEARNING RECONSTRUCTION

Zhengguo Tan (zgtan@umich.edu), Jacob Richardson, Thomas L. Chenevert, Hero Hussain, Michael Jaroszewicz, Yun Jiang, Nicole Seiberlich, Vikas Gulani

MICHIGAN MEDICINE Department of Radiology, University of Michigan, Ann Arbor, MI, USA
UNIVERSITY OF MICHIGAN

1. INTRODUCTION 2.2. METHOD - Self-Supervised ADMM Unrolling: Boost SNR 3.2. Results - In Vivo

About 1 in 8 American men will develop prostate cancer in their lifetime, with risk increasing significantly with age.
Tr-weighted imaging and diffusion-weighted imaging (DWI) are identified by PI-RADS [1] as key image contrasts for
noninvasive diagnosis and assessment of prostate cancer. At field strength widely adopted in clinical practice (1.5T
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apparent diffusion coefficient (ADC) map can be fitted from:

¢ denotes the index of different b-values and by denotes the non-diffusion-weighted spin-echo image.
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